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Introduction

Recent evidence suggest strong presence of ‘child penalties’ in the
labor force (e.g., Angelov et al. 2016; Kleven, Landais & Sggaard 2019)

Can child penalties explain why women continue to be
underrepresented in politics?

We answer this question using data from Norway:

@ Gender-equal society where most political parties introduced
gender quotas decades ago

e Data: Universe of candidates running for office matched with
administrative registers of Statistics Norway
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Representation matters!

@ Quality loss if candidates are not selected from the entire
distribution of talent (Bertrand, 2018)

o Gender balance improves overall representation of societal
preferences (Hessami & Fonseca, 2020)

e Politicians’ social ties and group identities causally affect
public policy (e.g. Chattopadhya & Duflo, 2004; Bhalotra &
Clots-Figueras, 2014; Baskaran & Hessami, 2019)

e Women in office may serve as role models that improve
perceptions of female leaders and weaken stereotypes in
society (e.g. Beaman et al., 2009; Gilardi, 2015; Ladam et al., 2018)
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L Institutional Setting

Institutional setting: Norway

Three levels of government: National, regional, local

o Elections every four years

@ List-based proportional representation on all levels

We focus on the local level (435 municipalities)

@ Voters choose which party to vote for, and can cast personal
votes on any party list (flexible-list PR)

o Parties can give certain candidates a “head start”

o After elections, municipal councils elect leadership positions
(executive board, mayor etc)

@ Part-time appointments with small remunerations
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Table: Political selection by level of government and politicians’ gender

Children Years of educ. Income

Level Gender quota Female Women Men Women Men Women Men
National level

Cabinet (N = 528) Party 422 % 1.51 1.73 16.3 159 1134 1128

Parliament (N = 845) Party 406 % 170 1.82 154 147 1035 1045

Candidate (N = 18,316) Party 423 % 1.77 1.83 14.2 13.8 50.4 57.4
Regional level

Council (N = 3,373) Party 448% 1.88 188 144 141 647 75.5

Candidate (N = 33,423) Party 43.6 % 1.97 2.00 14.1 13.6 453 53.7
Local level

Mayor (N = 2,060) - 24.6 % 2.40 2.38 148 13.9 80.7 86.3

Executive board (N = 15,141) Law 413% 222 233 144 138 596 74.0

Council (N = 51,799) Party 37.8 % 2.07 2.20 14.2 135 52.0 65.7

Candidate (N = 292,590) Party 414 % 2.07 2.05 13.6 131 40.0 52.9
Population (N = 4,218,917) - 49.9 % 1.64 1.42 13.0 12.7 35.9 50.4
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Data

Universe of candidates 2003, 2007, ..., 2019
@ Approx. 60k candidates each election

@ Main outcome variables: indicators for (i) running for office,
(ii) becoming elected into office, or (iii) appointed to the
executive board

Match with administrative data from Statistics Norway

o Construct time index where ¢ = 0 denotes the election period
where each individual has his/her first child

@ Focus on candidates who ran for office prior to t =0

@ Baseline sample: 23,935 candidate-year obs.
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Identification

Baseline Diff-in-Diff:
Yie = > agIlj =t + Y B;-1j = t]- I females] + v-I[ female;]+
iA—1 J#-1
Z oIl = ageis] + Zny- Iy =s]+ Zmy I[p = party:] + €ist
l Y

P

Yist represents a political outcome for candidate i at event-time t and year s.
The coeftficients of interest are [3;. SEs clustered at the individual level.

Identifying assumption: Parallel trends
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Example: 2015 Oslo Labour Party list

T Arbeiderpartiet Arbeiderpartiet « Se veiledning pé baksiden
Kommunestyrevalget 2015 i Oslo Kommunesiyrevaiget 2015 Osio « Brett stemmeseddel med farget side ut
Personstemme (sett kryss i rute foran kandidat) 31.0] Milos Rados, ¢ sz sy rnwtsa 62,1 Monica Semb Seetre, « ez osmsmse

322 Lena Sesterf, 1. spmiare
33,00 Geir Lippestad, e« oy
34.0] Anne Nyeggen, ¢ et spsorsems

63.0] Pia Glesme Holm, 17, o vasss s
64.0] Eskil Pedersen, ¢ s oy o
65.00 Thorvald Stoltenberg, « s, sereons

1.1 Raymond Johansen, « s sy ars
2.0] Tone Tellevik Dahl, ¢ 1 sy ssgme
3.00 Rina Mariann Hansen, 7 sy resscen

4.0 Frode Jacobsen, e sy svarss 35.0] Jorgen Foss, ¢ s
5% Andors Roberg-Larson, « s s cens 36.0] Gro Bratteli Jamholt s s oamscus
6.2 Khamshaliny Gunaratnam, s, s cens 37.00 Ering O. Tutum, ¢ 1 sysasssss
7.0] Andreas Halse, 1 s, srtcameose 38.0] Zaineb Al-Samarai, ¢ 7 sy acnwisa
8.0] Victoria Marie Evensen, s o acrmsia 39,01 Elvs Chi NwoSU, 1 15 s s
9.0) Didrik Beck, « 1551 syie Garie Os. 40.0] Fatima Ali Madar, « 174 oyom arnasss
10.0] Julie Lodrup, e oras s 41,00 Uik Imtiaz Rolfsen, ¢ 7 syerss e
11.0] Rune Gerhardsen, : e s 42.0] Veslemay Kjendsii ¢ 1. sy s
12.0] Turid Birkeland, ¢ ez st 43,01 Khalid Mahmood, « . s o
13.0] Abdullah Alsabeehg, « e s s 4.1 Channeh Maram Joof, ¢ s o ara Janh 14 ncidtc s andr o e STORE ks
14.0] Susann Jorgensen, w7z e e v 45.0] Andreas Olsen, « . ey cone s ORNAVN ETTERNAVN Part]
15.C] Dag Bayegan-Harlem, 57, s e 46,01 Milla Sandborg Mathisen, e syt vese e
16,51 Roja Darian, ¢ e sauara 47.00 Sigurd Log Roren, « v, s e
17.00 Frode Kyvag, « s o ersems 48.00 Agnes Nasrland vn,«g.e... 10, G
8.5 Mari Morken, 1 et srssms 49,00 Eivin Sundal, « s ey
D0 Per Anders Langerad, s smus esbem 50.0) Toriin Koo Hiaori Tomsricacasn.
20,01 Gro Balas, ¢ 1w srvesre e 5150 Arshad Mubarak Al v sywsase
21.0] Jon Reidar Gyan, ey e 52,01 Karina Hellum, ¢ 1, srssoee
22.0] Ida Viksveen Larsen, ¢ e oxs coners 53,01 Henrik Hoviand, s, o rrssen
23.[8,Mobashar Banaras, ¢ e spicens i 540 Maka Godal i :
24,01 Birgit Skarstein, « e, oyou raper # 55,00 Hans Christian Lillehagen, ¢ s, ora G 0s i
25.0) Nadeem Butt, 195, yows. nersmns Z 56,001 Lene Loken, ¢ 1. oo 3
26,5 Prableen Kaur, « v, o ens 5 57.5) Munir Jaber, ¢ von sunra g
2718 Jom Nygren, e v somer 58,00 Line Tresset e oan
28.0] Bente M. Larsen, ¢ e s i 59.0] Gard Sandaker-Nielsen, ¢ 7 yoscanws
20,00 Nasir Ahmed, ¢ e srtomss 60.0] Marianne Andenaps, o, s caneoso
30.00 Katrine Ore, e s 61.0] Bashe Musse, ¢ e sy came s

T 1500010102000301100150 96330324 &
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1500010102000301100150 96330324

62.3 Monica Semb Saetre, ¢ ez omsans
63.0] Pia Glesme Holm, 17, o vasss s
64.0] Eskil Pedersen, ¢ s oy o
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sta

|mm| 14 kandidater fra andre lster (skriv med STORE
ORNAVN ETTERNAVN

Par]

e Outcome: High w/ bonus
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Robustness
@ Individual-level FE
@ Restricted sample (running at ¢ = —1 only)

@ By cohorts

Placebo
o Childless candidates

o Monte carlo simulations

Extensions
@ Higher-level political outcomes
@ Labor outcomes

o Partners’ labor outcomes
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Summary of first set of results
@ Motherhood can be a significant barrier for political careers

o Effects are large, increase over time, and translate to higher
levels of the political arena

@ Not a result of permanent withdrawals from the political arena

@ Instead: mothers end up in less secure list positions

Why do political child penalties occur?

@ A shock to mothers’ own supply of political candidacies? (see,
e.g., Andresen & Nix, 2021; Kleven, Landais & Sggaard, 2019)

@ Discrimination from voters or from party leaders?



Child Penalties in Politics

L Mechanisms

Mechanisms



Child Penalties in Politics

L Mechanisms

I: Voter discrimination not a likely factor
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II: Norms may be important

We investigate whether political child penalties are correlated with
exposure to different gender attitudes during politicians’ childhood

o ‘Traditional families’: Grandfather is the main breadwinner

o ‘Progressive families’: Grandmother is the main breadwinner
or dual-income households

@ Measured when each politician was 0-18 years old

@ We split at the median in the
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II: Norms may be important
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Can child penalties be reduced?

Political work in Norway share many features with the “greedy jobs”
highlighted by Goldin (2014, 2021)

@ Local council meetings are typically held during the evenings

@ Some have lamented that this makes it hard to combine
political work with family obligations

We collected data on local council meeting schedules during the
2015-2019 election period:

e ‘Family friendly’ (daytime) municipalities (n=106)
o All other municipalities (n=290)
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Mothers aged 18-40 are over-represented in “family friendly” municipalities

. == Family friendly
diff = 7.82***
60 | : = Other

50 diff = -0.59

diff = 1.95
40 R diff = -0.38

30|

Percent female
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No children Parent No children Parent
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Conclusion

Coinciding with the arrival of their first child, women in politics are
less likely to win and receive leadership appointments than men

@ The DiD estimates are large, e.g.:

o “Elected” gap at t = 0 almost 33 percent of men’s outcome
o “Leadership” gap at t = 0 almost 67 percent of men’s outcome

o Effects materialize already during the nomination stage
@ Gender norms may be an underlying source of our results

@ Some evidence that making political work more compatible
with family life might be effective remedies
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Histogram of local council members, by gender and age
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Remuneration for local political roles
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Note: The figure plots survey responses collected from local political office holders in 2011 (N=2,234).
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Table: Summary Statistics by Sample

Panel A: Politicians Full sample Women Men
Mean SD Mean SD Mean SD

Event-time k = —1

Female (percent) 40.03  49.00

Age 3107 552 2017 417 3233 5093
Income, constant (2015) USD 1000s  58.81  30.35 50.45 23.90 64.39 32.82
Years of education 14.59 2.78 15.33 2.52 14.10 2.84
Number of children (as of 2021) 191 0.73 1.89 0.68 1.93 0.76
N 4,787 1,916 2,871

Panel B: Population Full sample Women Men

Mean SD Mean SD Mean SD

Event-time k = —1

Female (percent) 49.75  50.00

Age 28.98 5.50 27.78 4.99 30.16 572
Income, constant (2015) USD 1000s  49.11 3250 4157 2528 56.57 36.84
Years of education 13.57 3.20 13.95 3.18 13.19 3.17
Number of children (as of 2021) 1.97 0.77 1.98 0.76 1.96 0.78

N 796,471 396,271 400,200
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Local election outcomes (Candidacy at ¢t = —1)

Panel A: Raw data

Running Elected Leadership
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Table: Baseline results by cohorts

Running Elected Leadership
(1) () (3) (4) (5) (6) (7 (8) (9)
2007 2011 2015 2007 2011 2015 2007 2011 2015
Female x t = -3 -0.025 -0.003 -0.005
(0.030) (0.016) (0.007)
Female x t = -2 -0.056 0.040 -0.007  0.001 -0.005 0.002
(0.039) (0.034) (0.018)  (0.016) (0.007)  (0.007)
Female x ¢t = —1 ref. ref. ref. ref. ref. ref. ref. ref. ref.
Female x t =0 -0.002  -0.118** -0.062***  -0.024  -0.033"* -0.026" -0.009 -0.025"** -0.006
(0.031)  (0.027) (0.023)  (0.024) (0.015) (0.014) (0.012) (0.007) (0.008)
Female x t =1 -0.047*  -0.040 -0.006 -0.033  -0.026  -0.028* -0.014 -0.017**  -0.007
(0.028)  (0.028) (0.024)  (0.025) (0.017) (0.015) (0.013) (0.007)  (0.008)
Female x t =2 -0.036  -0.059** -0.061**  -0.032* -0.010  -0.017**
(0.027)  (0.027) (0.025)  (0.017) (0.014)  (0.008)
Female x t =3 -0.030 -0.062** -0.025*
(0.026) (0.025) (0.014)
Party FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Age FE Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 5,790 8,410 9,735 5,790 8,410 9,735 5,790 8,410 9,735
Clusters 1,158 1,682 1,947 1,158 1,682 1,947 1,158 1,682 1,947
R-squared 0.37 0.25 0.23 0.04 0.04 0.05 0.02 0.02 0.02
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Distributions of "placebo child penalties" (r = 1,000)
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Higher-level political outcomes

Panel A: Raw data
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Table: Relationship Between Motherhood and Pr(Elected)

Women Men
(1) (2) (3) (4) (5 (6)
No children ref. ref. ref. ref. ref. ref.
Children 0.18**  0.17**  0.19***  0.60***  0.52***  (0.42***
(0.073) (0.070) (0.045) (0.068) (0.062) (0.040)
Incumbent No Yes Yes No Yes Yes
Rank FE No No Yes No No Yes
Party bonus No No Yes No No Yes
Observations 94,431 94,431 94,431 129,233 129,233 129,233
Clusters 1,563 1,563 1,563 1,563 1,563 1,563

R-squared 0.39 0.46 0.77 0.37 0.48 0.77
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Hypothetical election outcomes (w/o personal votes)
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Distribution of Grandparents’ Division of Labor Index
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